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Examination of the usefulness of the number of tweets for monitoring the influenza epidemic situation in Tokyo

Yurie KITAMURA®?, Mami NAGASHIMA?, Isao YOSHIDA?, Akane NEGISHI?, Ryota KUMAGAI?, Emiko KAKU?,
Yukinao HAYASHI? Takashi CHIBA?, Tetsuya AKIBA?, Takayuki SHINKAI* and Kenji SADAMASU*

Information transmitted via the Social Networking Service originates from a variety of large variety of data sources (big
data) and can be collected in real time, therefore it is expected to be useful for the surveillance of infectious diseases . In this
study, we focused on influenza and other infectious diseases and examined the usefulness of tweets on Twitter as an aid to
monitor the epidemic situation.

We compared the number of “influenza” tweets in 2016 with the number of influenza patients reported in Tokyo.
We found that the peak in the number of tweets almost coincided with the peak in the number of reported patients reports.
However, with respect to, herpangina and hand, foot, and mouth disease, the increase in the number of tweets was attributed to
news reports and was not necessarily linked with the increase in the number of infected individuals .

In order to detect outbreaks of infectious diseases, it is necessary to monitor not only the number of tweets but also the
epidemic situation, such as the number of reported cases. Monitoring of tweets may help identify epidemiological trends and

facilitate early detection of epidemics .

Keywords: influenza, surveillance, big data, Twitter, real time, early detection

69

@ Tokyo Metropolitan Institute of Public Health,
3-24-1, Hyakunin-cho, Shinjuku-ku, Tokyo 169-0073, Japan







 
 
    
   HistoryItem_V1
   InsertBlanks
        
     場所: 最後のページの後
     ページ番号: 1
     ページサイズ:  ページと同じ 1
      

        
     Blanks
     Always
     1
     1
     1
     1438
     112
    
     qi3alphabase[QI 3.0/QHI 3.0 alpha]
     1
            
       CurrentAVDoc
          

     SameAsPage
     AtEnd
      

        
     QITE_QuiteImposingPlus3
     QI+ 3.0e
     QI+ 3
     1
      

   1
  

 HistoryList_V1
 qi2base



